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Executive Summary
AI assurance — the process of assessing and communicating AI trustworthiness — offers 

a path to balance AI innovation with safety, security, and fairness. But this critical field has 

developed primarily in advanced economies, leaving many AI risks unaddressed in devel-

oping countries that represent some of the world’s largest AI markets.

Closing the AI assurance divide matters. AI risks are often amplified in the so-called Global 

South, while levels of trust in AI vary widely across nations, from over-reliance to skepticism. 

Robust assurance can ensure that trust is warranted where it exists and build justified confi-

dence where it’s lacking. It can also advance the Sustainable Development Goals, including 

gender equality and the promotion of peace, security, and accountability, as well as fulfill 

states’ human rights obligations and companies’ corporate responsibilities.

But building effective AI assurance ecosystems in developing countries faces acute chal-

lenges. These include the vast diversity among and within countries, spanning disparate 

languages, cultural values, AI risk profiles, as well as legal and policy frameworks. AI 

assurance is also resource-intensive; it requires time, infrastructure, and highly specialized 

multidisciplinary skills that are often scarce. Further complicating the picture are regulatory 

gaps, insufficient market incentives, limited representation in international forums, and 

concerns about diplomatic backlash.

Bridging this divide requires concerted multistakeholder action by governments, AI devel-

opers and deployers, and assurance practitioners in both developing and developed countries. 

Rather than embrace a one-size-fits-all approach, developing nations can adopt flexible 

strategies that balance technical rigor, sociotechnical sensitivity, and cost-effectiveness.

This brief offers five overarching strategies to lay the foundations of robust national AI 

assurance ecosystems tailored to the unique needs of developing economies:

1 Selecting what to assure, grounded in national AI risk assessments and taxonomies.

2 Understanding how to assure by choosing context-appropriate assurance tools and 

techniques, such as evaluations, auditing, and certification.

3 Building the capacity to assure through investments in AI literacy, infrastructure, 

skills development, and sustainable public and private funding.

4 Setting assurance criteria, using a mix of rules, norms, and/or standards that balance 

specificity with flexibility.

5 Cooperating internationally through North–South, South–South, and multilateral 

partnerships that enable knowledge sharing, pooled resources, and stronger represen-

tation of Global South perspectives.

Building 
effective AI 
assurance 
ecosystems 
in developing 
countries 
faces distinct 
challenges.
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Looking ahead, this brief highlights key takeaways and priorities for future work. These 

include deepening sociotechnical approaches to AI assurance; identifying a global baseline 

of assurance tools and techniques; determining where significant local adaptation or entirely 

new tools are required; prioritizing high-impact use cases and low-hanging fruit such as 

organizational assurance; and addressing internal divides within countries, including socio-

economic inequalities and gaps between public expectations and government action.

PART 1

Introduction

The global AI assurance divide
AI assurance is the process of assessing and communicating whether a certain AI model, 

system, or any of its components is trustworthy.1 Several tools and techniques can be used 

to assure AI systems, including auditing, certifications,2 and a range of evaluation methods 

(from conformity, risk, and impact assessments to formal verification, benchmarking, and 

red teaming). These can be carried out internally, by AI developers or deployers, or exter-

nally, by professionals in a contractual relationship with the AI developer or deployer (such 

as auditing or assurance firms) or by independent organizations (such as civil society, 

academia, and law firms).3

While still an emerging field, AI assurance has been developed and carried out primarily by 

and for stakeholders located in advanced economies4 — also known as developed countries, 

the Global North, or the West.5 As a result, AI assurance tools and techniques have been 

grounded in concepts and values, including risks, norms, methods, and metrics that are 

more prevalent in the Global North. For example, evaluations of AI fairness often test for 

biases that are more common in the Global North, such as race, gender, disability, and sexual 

orientation.6 Likewise, AI assurance activities are predominantly developed and carried out 

in English.7

This is because, with a few exceptions, AI technologies are still primarily developed by 

companies located in the Global North. Stakeholders in developing countries are usually 

treated as mere consumers or users of these technologies, as opposed to equal partners in 

AI development, leading to significant power imbalances.8

TERMINOLOGY
We are conscious that 
the term Global South 
can have a negative 
connotation.9 However, 
we have chosen to use it 
here because it usefully 
shifts the narrative away 
from the Global North 
and brings together 
nations that face similar 
development challenges. 
Global South is also a 
term embraced by many 
developing nations, 
including in the AI 
governance context.10 In 
this sense, it can signal 
“a shared historical 
trajectory marked by 
colonialism, depen-
dency, and structural 
exploitation by dominant 
powers, which in turn 
have constrained the 
autonomy and agency 
of many countries and 
communities.”11

This means that many AI assurance tools and techniques developed thus far may not be 

well-suited for contexts in the Global South, understood here as emerging markets and 

developing economies (or developing countries, for short). For example, metrics for AI toxicity 

benchmarks developed in Western contexts may fail to capture the nuances of hateful 

or toxic speech in many developing countries, such as coded words. Similarly, evaluation 

methods and metrics for AI detection tools (i.e., AI tools for detecting AI-generated content) 
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have failed to reflect the circumstances 

in which synthetic media is generated, or 

real content discredited, in Global South 

contexts, including poor-quality media, 

layered manipulation, and linguistic and 

cultural diversity.12

AI cannot be assessed in isolation without 

reference to how it is developed and 

deployed in real-world contexts, as well as 

how it impacts people and society. This 

applies across all AI assurance objects, 

including technical AI components such as 

the training data, model weights, system architecture, and outputs.13 

Assurance practitioners in the Global South also face acute challenges. These include: 

uneven access to infrastructure for technical testing, including compute and software tools; 

a lack of resources to train professionals; competing policy priorities; and a representation 

deficit in international AI governance forums that can shape AI assurance standards, norms, 

or rules. 

Purpose, scope, and audience of this brief
This international policy brief seeks to offer recommendations on how developing econ-

omies with varying levels of development can build or strengthen their own assurance 

ecosystem, in line with their AI policy priorities and unique socioeconomic contexts and 

cultural heritage. It does so by first providing an overview of the challenges typically faced 

by AI assurance practitioners in developing countries. Second, this brief outlines five over-

arching policy strategies that can help address those challenges and close the global AI 

assurance divide. These strategies are not intended to be prescriptive or exhaustive; they lay 

out some of the possible building blocks for a robust national assurance ecosystem that can 

be tailored to local needs. 

The analysis builds on the work done under PAI’s “Strengthening the AI Assurance Ecosystem” 

project.14 It draws on desk research, consultations with PAI’s AI Assurance Working Group, 

and interviews with 20 AI assurance practitioners working in East and Southeast Asia, Latin 

America, and Africa. Interviewees included representatives from civil society, assurance 

firms, and academia. 

The brief concludes with the key takeaways and recommendations for future work. While 

it is primarily addressed to policymakers and AI assurance practitioners in developing 

countries, it also includes analysis and recommendations for AI assurance stakeholders in 

developed countries — including, in particular, AI developers and deployers, policymakers, 

and assurance practitioners. 

Figure 1: World map showing  developing and  advanced economies,  
following the IMF’s classification. 

TERMINOLOGY
Most AI assurance 
practitioners interviewed 
noted that the term “AI 
assurance”  has not been 
widely used in the Global 
South. The various tools 
and techniques used 
to assess and commu-
nicate AI trustworthiness 
usually appear under the 
umbrella of “AI trust and 
safety,” “responsible AI,” 
or “AI compliance.”

https://www.imf.org/en/publications/weo/weo-database/2023/april/groups-and-aggregates
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Why does AI assurance matter for the Global South?
Despite these divides, AI assurance is as important for the Global South as it is for the 

Global North.

Amplified risks
AI risks or harms are often amplified in marginalized communities, particularly those based 

in developing countries. Factors include lower levels of AI literacy and overall societal resil-

ience, as well as fewer resources available for research, development, and implementation of 

measures to prevent, stop, or redress those risks and harms. For example, AI-enabled hate 

speech and disinformation have fueled persecution, violence, and armed conflict in different 

parts of the Global South, including Myanmar, Syria, Sudan, and Ethiopia.15

Uneven levels of trust 
Developing countries make up some of the largest consumer markets for AI technologies. For 

example, India and Brazil are the second- and third-largest users of ChatGPT after the United 

States, with 16 percent and 5.8 percent of visitor share, respectively.16 Nevertheless, levels of 

AI trust have been mixed across the Global South. Some surveys reveal that while there are 

high levels of trust in AI — and often, overreliance on AI tools17 — in such developing coun-

tries as Malaysia, Vietnam, Thailand, Morocco, Paraguay, and Indonesia,18 other nations show 

signs of skepticism, distrust, or even disinterest in AI technologies.19 Where levels of trust in 

AI are already high, assurance can ensure that trust is given only when it is warranted; where 

trust is low, it can pave the way for justified trust to emerge. 

AI assurance for sustainable development
AI assurance can also be an important driver of sustainable development in the Global South. 

Sustainable Development Goals that can be supported by AI assurance include gender 

equality (Goal 5, realized through gender bias evaluations, for example), reducing inequality 

(Goal 10, realized through bias evaluations of other protected characteristics, for example), as 

well as promoting peace, security and accountability (Goal 16, realized through compliance 

assessments, as well as safety and security evaluations, for instance).20 By reducing AI 

risks and mitigating impacts on people and society, AI assurance can build confidence in 

AI development and adoption among Global South stakeholders — including governments, 

communities, and individuals. This can, in turn, unlock AI’s potential for social good in several 

critical sectors, from health care and education to agriculture and finance, advancing further 

Sustainable Development Goals.21

AI assurance as due diligence 
AI assurance can also be a form of human rights due diligence insofar as it helps prevent 

and mitigate the human rights risks or harms of developing and deploying AI technologies. 

In this sense, by fostering a robust AI assurance ecosystem and, in some cases, carrying 

out AI assurance activities themselves, states can fulfill their obligations to protect human 

Where levels 
of trust 
in AI are 
already high, 
assurance 
can ensure 
that trust is 
given only 
when it is 
warranted; 
where trust 
is low, it can 
pave the way 
for justified 
trust to 
emerge.
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rights. These obligations arise under various human rights treaties such as the International 

Covenants on Civil and Political Rights and on Economic, Social and Cultural Rights, as well 

as under domestic laws in various jurisdictions.

By carrying out AI assurance, AI developers and deployers can fulfill their corporate respon-

sibility to mitigate human rights impacts arising from their business activities, in line with 

the UN Guiding Principles on Business and Human Rights. Similarly, AI assurance can signal 

a company’s adherence to environmental, social, and governance (ESG) principles.

PART 2

The AI assurance ecosystem(s) in  
the Global South: Acute challenges

AI assurance faces many general challenges, including a lack of standards, professional-

ization, and incentives,22 but this brief focuses on those most acute in the Global South. 

While some advanced economies, particularly those with lower AI maturity, encounter 

similar issues, these challenges are more pronounced in low- and middle-income countries. 

Key barriers include deep cultural, political, and socioeconomic diversity; persistent capacity 

gaps in skills, resources, and infrastructure; underrepresentation in global AI governance 

forums; and legal and political constraints.

Diversity
Grouping developing countries together can help shift the AI assurance narrative away 

from Western perspectives and surface common challenges that arise from centuries of 

extraction and subjugation. Yet the Global South is far from monolithic: There is vast diversity 

within and across developing nations in terms of their cultural, political, and socioeconomic 

contexts.23 As a result, AI assurance tools and techniques that work in one setting may not 

translate well to another. 

https://www.ohchr.org/en/instruments-mechanisms/instruments/international-covenant-civil-and-political-rights
https://www.ohchr.org/en/instruments-mechanisms/instruments/international-covenant-economic-social-and-cultural-rights
https://www.ohchr.org/sites/default/files/documents/publications/guidingprinciplesbusinesshr_en.pdf
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A multitude of languages
A wide array of languages and dialects is spoken in different parts of the Global South, 

including indigenous languages and those introduced by colonial powers. For example, it is 

estimated that between 1,500 and 3,000 languages are spoken in Africa,24 while Southeast 

Asia is home to about 1,200 languages.25 India alone has over 120 languages, including 22 

official ones, and 19,500 dialects.26

While English is overall the most spoken language in the world, less than 20 percent of the 

world’s population can speak it. Put simply, the vast majority of people in the world, including 

in the Global South, do not speak English.27

This means that if Natural Language Processing (NLP) technologies, including in particular 

large language models (LLMs), are primarily trained and assessed in English, there is a 

risk that issues in performance, safety, or security that relate to language — from natural 

language understanding, generation, and reasoning to bias and toxicity — will not only be 

more prevalent in other languages but may also go unchecked. 

Different AI risk profiles and tolerance levels
The AI risk profiles in the Global South also differ from those of the Global North, with diversity 

among developing countries themselves.28 Similarly, there are varying levels of tolerance 

for those risks in different parts of the Global South. As a result, AI assurance might fulfill 

different goals (e.g., product quality control versus risk prevention and mitigation) and focus 

on different AI components (e.g., training data, model weights, or outputs) or attributes (e.g., 

performance, fairness, privacy, and toxicity) across countries and regions in the Global South. 

In Southeast Asia, for example, one of the most prevalent AI risks is the use of AI technol-

ogies by cybercriminal groups to commit fraud and other scams.29 In contrast, Pacific Island 

nations are particularly concerned about the environmental impacts of AI, as well as ensuring 

Diversity Capacity gaps Legal and political hurdles

Multiple languages Time Standardization

Regulatory gaps and low 
market-based incentives

Distinct risk profiles  
and tolerance levels

Infrastructure  
and costs

Legal barriers

Representation in international 
forums

Different assurance  
parameters and 
interpretations

Skills Political will

Fear of diplomatic backlash

Figure 2: Overview of assurance challenges in the Global South
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that indigenous languages and data are represented in AI models with due respect for their 

sovereignty and self-determination.30 In Latin America and the Caribbean, respect for human 

rights is at the heart of current efforts to govern AI.31 In Africa, there is a push to develop the 

infrastructure and resources — including compute, high-quality multilingual datasets, and 

skills — necessary to enable widespread AI adoption.32 Similarly, the Middle East is focusing 

on massive infrastructure development and AI integration into public services.33 Therefore, 

assessing AI’s performance and cost-effectiveness might be a priority for countries in both 

Africa and the Middle East.

Different criteria and definitions
There may also be distinct criteria or parameters for 

AI assurance in laws, norms, or expectations applied 

across developing countries. While only a few of those 

countries have adopted, or are in the process of adopting, 

AI-specific regulation, each has several preexisting laws 

that apply by default to AI technologies. There are also 

numerous AI policy frameworks currently in place in 

different developing countries such as AI governance or 

ethics guidelines.34

EXAMPLE: DIFFERENT CRITERIA AND DEFINITIONS

In India, caste-based discrimination is a prevalent form 
of bias; yet, it is not captured in traditional approaches 
to bias benchmarking, such as the bias benchmark for 
question answering (BBQ) framework (which tests bias 
regarding age, disability, gender, nationality, physical 
appearance, race and ethnicity, religion, socioeconomic 
status, and sexual orientation).35 Therefore, assurers in 
India have had to significantly adapt the BBQ framework36 
or develop altogether new bias evaluation frameworks 
to capture other forms of discrimination present in the 
country.37

This means that many AI qualities or attributes, such as “fairness,” “privacy,” or “robustness,” 

can have varying definitions depending on the national or subnational context. Although 

many AI assurance tools can be applied across contexts (see Section 3), they often require 

more than simple translation of metrics or testing datasets. In some cases, local realities 

demand substantial adaptation, if not entirely new methods. This need spans all AI technol-

ogies, from NLP systems to traditional predictive models and image or video generation tools 

that operate beyond natural language.

Capacity gaps 
AI assurance is not a trivial task: Assessing AI against 

legal, policy, or ethical criteria requires a considerable 

amount of resources, including time, money, infra-

structure, and skills. These resources are often scarce in 

developing countries.

Time
From mapping out the AI risk landscape to devising 

assurance tools and techniques and then implementing 

them can take several months or more. Timelines can be 

further extended if existing assurance tools and tech-

niques need to be adapted to Global South contexts. 

EXAMPLE: TIME

To develop a multilingual bias BBQ in the Indian context, 
local evaluators had to:

1.	 Manually check the testing datasets (i.e., question 
templates) in the existing BBQ framework to remove, 
tweak, or add templates as needed.

2.	 Employ human annotators to verify those templates 
for contextual relevance.

3.	 Translate them into seven Indian languages.

4.	 Have human translators verify the accuracy of the 
automated translations.

5.	 Develop new benchmarking metrics before they could 
even begin to carry out experiments using an LLM-as-
a-judge and then assess the relevant scores.38
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Infrastructure and costs
AI assurance also requires some minimal infrastructure 

to be in place. In the case of evaluations of technical AI 

components (such as model inputs, weights, or outputs), 

this includes access to the necessary datasets, software, 

and hardware, all of which can be costly. In particular, 

access to closed models or applications via application 

programming interfaces (APIs) can cost thousands of US 

dollars. 

For evaluation methods that require large-scale testing of AI components to achieve statis-

tical significance (such as benchmarking), assurers will also need to implement their 

evaluations through software tools and often use LLMs to generate new testing datasets 

and/or evaluate outputs. All of this requires a significant amount of compute, which is not 

cheap to acquire or access. 

For many interviewees, the lack of sufficient compute in many developing countries was 

seen as a major challenge to AI assurance in the Global South. According to a recent study, 

75 percent of global GPU clusters are located in the United States.40 Only 33 countries host 

data centers capable of training or inferencing AI. While some of these countries are located 

in the Global South — notably China (with 15 percent of global GPU clusters), India, and South 

Africa — the vast majority of GPU clusters are located in the Global North.41 Most developing 

countries have no access to the GPUs needed to develop or test AI. Even when those GPUs are 

available locally, this does not mean that they are available to the individuals or organizations 

conducting AI assurance. Access to GPUs remotely via cloud services can be prohibitively 

expensive, especially for academics and civil society groups. For example, access to GPUs via 

Google Cloud ranges from about USD 500 per month for the lowest-performing ones and USD 

64,000 per month for the highest-performing ones.42

In addition, conducting assurance activities requires stable internet access. Yet internet 

penetration is uneven in the Global South: While 78.2 percent and 77.4 percent of the 

respective populations in Southeast Asia and in Latin America and the Caribbean have 

access to the Internet, only 38 percent of Africans had a stable internet connection in 2024.43

Impact-focused assurance methods — such as interviews and surveys with affected users 

or communities44 — require access to participants and robust ethical safeguards, including 

informed consent and psychosocial support for sensitive topics.45 Yet, in many developing 

countries, this is especially challenging due to lower AI literacy and limited resources to 

ensure full ethical compliance.

Skills
AI assurance depends on highly specialized, multidisciplinary skills. But if these are scarce 

in developed countries, they are far rarer in developing ones. Technical evaluations require 

expertise in machine learning, coding, and statistics,46 while sociotechnical assessments 

EXAMPLE: INFRASTRUCTURE AND COSTS

Stanford’s Holistic Evaluation of Language Models 
(HELM) framework, designed to measure seven metrics 
(accuracy, calibration, robustness, fairness, bias, toxicity, 
and efficiency) across 30 models through 42 scenarios, 
used 12,169,227,491 tokens and 17,431,479 queries across 
all models. It cost USD 38,001 to access closed models 
through their commercial APIs, and it took an estimated 
19,500 hours of Graphics Processing Units (GPU) to run the 
evaluations on open models.39

The lack of 
sufficient 
compute 
in many 
developing 
countries 
was seen 
as a major 
challenge to 
AI assurance.

https://crfm.stanford.edu/helm/
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add context-specific knowledge from fields such as sociology, anthropology, ethics, 

economics, and history.47 Both also demand domain expertise tailored to the use case, as 

well as legal expertise for compliance-focused assurance.48

To be sure, professionalization, including a lack of clear career pathways and professional 

requirements, is a global AI assurance challenge.49 But there are additional constraints in 

the Global South. Training across these disciplines is often prohibitively expensive, limiting 

access for economically disadvantaged populations. Likewise, there are fewer opportunities 

to acquire relevant skills, given the scarcity of higher education or professional development 

courses on offer. 

Institutional capacity is also limited. Certification bodies in many developing countries lack 

the funding and staff to incorporate AI assurance into their portfolios, as noted by one inter-

viewee, particularly as key standards such as ISO/IEC 42001 are still emerging and poorly 

understood. This is due to several reasons that include limited funding and human resources, 

as well as the fact that AI standards, such as the International Standards Organization (ISO) 

and International Electrotechnical Committee (IEC) 42001 standard, are still emerging and 

are not yet fully understood by relevant stakeholders. These constraints are compounded 

by persistent brain drain, as skilled professionals migrate to the Global North in search of 

higher pay and better career prospects.50

Finally, third-party assurers in academia and civil society face restricted access to public 

funding. AI governance and safety budgets in developing countries are a fraction of those in 

the Global North. For example, initial allocations for trust and safety in India and Brazil are 

roughly USD 2 million and USD 7 million, compared to the USD 82 million,51 USD 65 million, 

USD 51 million, and USD 36.5 million allocated in 2025 to the US, UK, EU, and Canada AI Safety 

Institutes, respectively.52 Interviewees also noted that disciplines central to sociotech-

nical assurance, including ethics, social sciences, and law, are often undervalued in public 

research funding.

Legal and political hurdles

Standardization 
AI standards are key to ensuring the consistency, comparability, and reproducibility of AI 

assurance tools and techniques. Similarly, professional assurance standards, such as 

competence requirements for accreditation, can generally improve the quality of AI assurance 

services and help drive general demand for AI assurance and AI technologies.

If they are overly technical, however, AI standards risk excluding sociotechnical and locally 

grounded approaches53 that are crucial to ensuring the relevance of AI assurance tools and 

techniques in different Global South contexts.54 This is why the IEC, ISO, and the International 

Telecommunications Union (ITU) have committed to “[a]ctively incorporate socio-technical 

dimensions in standards development” in their 2025 Seoul Statement.

https://www.iso.org/standard/42001
https://www.iso.org/standard/42001
https://www.aistandardssummit.org/event/354f4a77-ee25-47e3-8e84-291a55519c0c/seoul-statement
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Likewise, if too demanding, professional standards can drive Global South assurance profes-

sionals out of business, given the challenges that these professionals face in obtaining 

internationally recognized credentials and the less conventional professional pathways they 

often follow. 

Regulatory gaps and low market-based incentives
Regulation has been identified as one of the main drivers of AI assurance.55 Still, most devel-

oping countries have yet to adopt AI-specific regulation mandating AI assurance. For many 

policymakers in the Global South, AI regulation has been perceived as an obstacle to AI inno-

vation and adoption. 

At the same time, market-based incentives have so far been insufficient to drive a robust AI 

assurance ecosystem in the Global South. This likely reflects the paucity of local AI devel-

opers who could drive demand for voluntary AI assurance. According to one interviewee, it 

is primarily companies with international clients that are carrying out AI assurance in the 

Global South, and their interest is driven by regulatory requirements in the Global North, 

such as the EU AI Act.

Legal barriers
Other interviewees pointed to a mismatch between data 

protection laws and AI policies in the Global South. On 

the one hand, many developing countries have stringent 

data protection laws that impose unrealistic privacy 

requirements and limit cross-border data transfers, 

particularly through data localization requirements. 

On the other hand, in order to both train and assess AI 

in developing contexts, stakeholders need access to 

quality data from individuals in the region, and it can 

be extremely difficult and costly to comply with all legal 

data protection requirements. 

In the US, where the largest AI developers are based, certain privacy laws, such as the 

Electronic Communications Privacy Act (ECPA),56 can also act as barriers to foreign 

government requests for cross-border transfers of data needed to assure certain AI models 

or systems. This is because the ECPA prohibits companies from providing personal commu-

nications, including social media messages and photos, as well as videos and documents 

stored on the cloud, to foreign authorities — even if anonymized — unless a mutual legal 

assistance treaty or an agreement under the US CLOUD Act is in place.57 The ECPA has already 

caused difficulties in litigation involving digital evidence in many countries.58

Representation in international governance forums
Many AI assurance criteria originate in international governance forums or initiatives. Yet 

whole parts of the world have been left out of international AI governance conversations. 

EXAMPLE: LEGAL BARRIERS

The Artificial Intelligence Center of Excellence (AICE) 
Africa, an AI research organization based in Kenya, has 
had to resort to federated machine learning (whereby AI is 
trained with data stored in local devices) and blockchain 
cryptography to assess AI safety while complying with 
local and regional data protection laws. Both federated 
learning and blockchain encryption are extremely difficult 
to implement and costly to put in place. Although less 
exacting methods such as data anonymization could 
provide equivalent privacy protection for a fraction of the 
cost, there has been no other way around the Kenyan Data 
Protection Act and data localization requirements imposed 
by other domestic jurisdictions in the region. 

If they 
are overly 
technical,  
AI standards 
risk excluding 
socio-
technical 
and locally 
grounded 
approaches.

https://aiceafrica.com/
https://aiceafrica.com/
https://aiceafrica.com/
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In a 2024 survey, the UN High-level Advisory Body on AI found that only seven countries are 

involved in seven key non-UN AI governance efforts, whereas 118 countries, primarily in the 

Global South, are parties to none.59 This includes such prominent initiatives as the G7 AI 

Principles and Code of Conduct, the OECD AI Principles, as well as the Bletchley and Seoul AI 

Safety Summits and their declarations. 

While the Paris AI Action Summit widened participation of developing countries, the majority 

of participating states were still developed ones. In February 2026, India hosted the AI Impact 

Summit, one of whose goals is to close the global AI divide.60 However, it is unclear what 

effect this summit will have on the AI assurance ecosystem in the Global South, given its 

emphasis on AI adoption.61

For its part, the International Network of AI Safety Institutes includes only one developing 

country (Kenya), even though at least two other developing countries (India and China) have 

a dedicated AI safety institute or agency.62

Political will
As noted above, AI assurance requires significant time and resources. For countries in which 

those resources are scarce, particularly least developed countries in Africa, more immediate 

priorities such as combating hunger or ending ethnic violence naturally take precedence 

over AI assurance.63 Likewise, there is often a misconception that AI assurance can hinder 

AI adoption and, therefore, is not a priority for countries desperately looking to use AI for 

economic development. This means that political will may currently be insufficient to 

support AI assurance activities in many parts of the Global South. 

Fear of diplomatic backlash
Several provisions of the European Union (EU) AI Act require AI developers and deployers 

to take a range of AI governance measures, including providing relevant authorities with 

documentation on their models and performing AI conformity assessments. Because they 

apply to companies headquartered overseas, these provisions have been met with strong 

diplomatic backlash, including threats of tariffs and other trade measures.64 If similar legal 

requirements are put in place by developing countries, it is not hard to imagine that compa-

rably strong diplomatic responses might be targeted at those countries. However, unlike the 

EU, most developing economies lack the political or economic leverage to withstand foreign 

diplomatic pressures, especially if they depend on foreign aid. This can, in turn, reduce public 

incentives to require or support AI assurance activities in the Global South. 

Most 
developing 
economies 
lack the 
political or 
economic 
leverage to 
withstand 
foreign 
diplomatic 
pressures, 
especially if 
they depend 
on foreign 
aid.

https://www.mofa.go.jp/files/100573473.pdf
https://www.mofa.go.jp/files/100573473.pdf
https://www.oecd.org/en/topics/sub-issues/ai-principles.html
https://www.gov.uk/government/publications/ai-safety-summit-2023-the-bletchley-declaration/the-bletchley-declaration-by-countries-attending-the-ai-safety-summit-1-2-november-2023
https://www.gov.uk/government/news/new-commitmentto-deepen-work-on-severe-ai-risks-concludes-ai-seoul-summit
https://franceintheus.org/spip.php?article11651
https://impact.indiaai.gov.in/
https://impact.indiaai.gov.in/
https://ised-isde.canada.ca/site/ised/en/international-network-ai-safety-institutes-mission-statement
https://eur-lex.europa.eu/eli/reg/2024/1689/oj/eng
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The challenges examined above are complex and require concerted multistakeholder efforts 

at the domestic and international levels. To support developing countries in overcoming 

these challenges, we offer recommendations structured around five overarching strategies: 

1.	 Selecting what needs to be assured

2.	 Understanding how to assure

3.	 Building the capacity to assure

4.	 Setting AI assurance requirements or guidance

5.	 Cooperating with international partners

These strategies build on PAI’s overarching recommendations on “Strengthening the AI 

Assurance Ecosystem Globally”65 and are informed by consultations with practitioners 

across Africa, East and Southeast Asia, and Latin America. They outline potential building 

blocks for a robust national AI assurance ecosystem that balances technical rigor, socio-

technical insight, and cost-effectiveness. While not limited to developing countries — and 

relevant to many advanced economies — these strategies are especially well-suited to 

addressing assurance challenges that are most acute in developing contexts.

Implementing the strategies proposed below at the national level is the primary responsi-

bility of policymakers across various branches of government. In some national jurisdictions, 

they might call for involvement of, or coordination with, subnational, supranational, or inter-

national institutions. 

AI assurance practitioners, particularly third-party assurers, also play a key role in building 

national AI assurance ecosystems in the Global South. They can fill important public policy 

gaps by engaging in public-private partnerships, conducting independent assurance activ-

ities, and, whenever feasible, publishing their findings, tools, and techniques as open source. 

Companies developing AI models and systems that are used in developing economies (irre-

spective of where they are headquartered) should also work together with policymakers 

and AI assurance practitioners to improve the rigor of their own internal evaluations and 

facilitate external assurance activities — particularly by granting the necessary access to 

relevant datasets, models, systems, and documentation. The same goes for organizations 

that sell or deploy AI in developing countries. 

Foreign governments in the Global North and South can also support developing nations 

with different levels of AI maturity, as discussed in Section E below. 

PART 3

Recommendations: Overcoming AI assurance 
challenges in the Global South

Implementing 
the strategies 
proposed 
below at the 
national level 
is the primary 
responsibility 
of policy-
makers across 
various 
branches of 
government.
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What to assure for?

RECOMMENDATIONS

A useful first step in building a national AI assurance ecosystem is defining what requires assurance. 

This can be guided by a national AI risk assessment and a clear taxonomy of AI risks or attributes.

•	 Open-weight models may introduce additional risks, warranting distinct classification and assurance 

approaches.

•	 Risk assessments and taxonomies should be anchored in internationally, regionally, and domestically 

recognized human rights.
 

National AI risk assessment
Just as AI assurance at the organizational level should 

have defined goals and objects, building a national 

assurance ecosystem hinges on what should be 

assured. A useful starting point is to map out a coun-

try’s AI risk landscape from a sociotechnical perspective 

through a comprehensive national AI risk assessment. 

This perspective is key to capturing the impacts of AI in 

a contextualized manner so that assurance is relevant 

to the national context. It usually requires the input not 

only of technical AI experts but also from those who can 

speak to the impacts of AI on individuals and society, 

including affected communities and local experts in 

disciplines such as sociology, psychology, history, 

economics, and journalism.66

A national AI risk assessment might reveal, for example, 

that the use of AI technologies in different high-stakes 

use cases, such as facial recognition, hiring, lending, or 

medical diagnosis, might be less accurate and therefore 

biased against marginalized communities that are less 

represented in training datasets. This mapping exercise 

can also shed light on context-specific safety and security concerns raised by AI technol-

ogies, particularly LLMs. These can include the generation of unsafe or illegal outputs, such 

as hate speech, nonconsensual and child sexual abuse material, privacy breaches, criminal 

AI misuse, or the environmental risks of building data centers. Assessing the impacts of AI 

on individuals and society should cover the entire AI value chain, from data collection and 

labeling to model and system development and deployment at the individual, institutional, 

and broader societal levels.

EXAMPLES: NATIONAL AI RISK ASSESSMENTS

During the Biden Administration, the United States (US) 
National Institute of Standards and Technology (NIST) 
launched a nationwide pilot program called ARIA (Assessing 
Risks and Impacts of AI) to advance sociotechnical testing 
and evaluation of AI in the US context.67 The program has so 
far tested seven AI applications for validity (i.e., adherence 
to requirements for intended use), using, among other 
methods, red teaming exercises. Red teaming was used to 
stress test the applications’ ability to protect certain kinds 
of information.68

One of ARIA’s original partner organizations, Humane 
Intelligence, went on to produce a playbook entitled 
“Red Teaming artificial intelligence for social good” 
with UNESCO. It lays out key definitions and offers a 
step-by-step guide on how to conduct such exercises in a 
contextualized manner.69

Somos Civic Lab is developing its own participatory 
approach to red teaming in Latin America, with three 
distinct components: 

1.	 AI literacy targeted at policymakers and affected 
communities.

2.	 Deliberative exercises with meaningful 
representation from those groups.

3.	 Accountability, wherein AI developers and deployers 
are invited to improve their models and systems 
continuously.

https://www.nist.gov/
https://humane-intelligence.org/
https://humane-intelligence.org/
https://somosciviclab.com/
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This type of mapping can be done through a range of exploratory evaluation methods. These 

include literature review, especially of historical and anthropological research, and partici-

patory approaches that actively involve affected stakeholders and domain-specific experts 

such as through workshops and focus groups.70

National red teaming exercises can be particularly useful in uncovering AI risks. Red teaming 

(also known as adversarial testing) is a type of evaluation that seeks to elicit risks through 

adversarial attacks (including jailbreaking and prompt injection attacks) on AI models or 

applications.71

National taxonomy of AI attributes
Policymakers should also account for national AI prior-

ities — such as adoption and governance goals, legal 

obligations, and market pressures — which together 

shape a country’s risk tolerance and assurance prior-

ities. To organize this analysis, policymakers can develop 

a national taxonomy of AI attributes to be assured, 

spanning both technical qualities (like performance 

and capabilities) and risks or harms to individuals and 

society. Existing taxonomies offer useful starting points 

for this work.72

Specific considerations for  
open-weight models
Open-weight models, whose weights can be downloaded 

and modified, are especially valuable for developing 

countries. They enable governments, SMEs, and local 

developers to build tailored applications at lower cost 

and with fewer skills and infrastructure requirements, 

reducing reliance on foreign vendors.74

The methods used to evaluate open-weight models and 

the systems built on them largely mirror those for closed 

models. Their openness allows independent scrutiny by 

developers, deployers, and assurers, though coordinating internal evaluations can be harder 

when models are co-developed across multiple institutions.

At the same time, open-weight models introduce additional safety and security risks that 

should be reflected in risk taxonomies, from harmful data introduced during fine-tuning to 

new failure modes arising from weight modifications and reduced oversight. These risks 

demand stronger assurance of organizational practices, including training data governance, 

know-your-customer measures, and clear documentation of model downloads.75

EXAMPLES: TAXONOMIES

Singapore’s AI Verify Foundation has produced a 
comprehensive catalog of LLM evaluations that includes 
a detailed taxonomy of the various AI attributes to be 
evaluated.73 These are: 

•	 General capabilities (including those relating to 
natural language understanding such as text 
classification, sentiment analysis, and information 
retrieval).

•	 Domain-specific capabilities, including in law, 
medicine, and finance; safety and trustworthiness 
(including toxicity generation, bias, machine ethics, 
robustness, and data governance).

•	 Extreme risks (including dangerous frontier 
capabilities such as offensive cyber capabilities and 
weapons acquisition as well as alignment risks).

•	 Undesirable use cases (comprising scenarios in 
which LLMs could be used maliciously or unethically, 
such as misinformation, disinformation, and adult 
content). 

The MIT AI Risk Repository is a further useful resource. 
It includes a database of more than 1,600 risks drawn 
from 65 existing AI risk frameworks and classifications. 
The Repository also offers two new risk taxonomies. 
One is based on how (which entity), when (pre- or 
post-deployment or other timing), and why (intentional, 
unintentional, or other causes) AI risks occur. The second is 
based on 7 domains and 24 sub-domains or areas in which 
those risks occur (including discrimination and toxicity, 
privacy and security, misinformation, and social and 
economic impacts). 

https://aiverifyfoundation.sg/
https://airisk.mit.edu/
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A human rights foundation 
There is no single, one-size-fits-all taxonomy for AI assurance. Still, internationally recog-

nized human rights provide a shared global baseline for guarding against AI risks and harms, 

while affirming the technology’s potential to benefit humanity. 

Therefore, it is important to ground national AI risk assessments and taxonomies in appli-

cable human rights instruments.76 This includes, in particular, the International Bill of Human 

Rights, which comprises the Universal Declaration of Human Rights, the International 

Covenant on Civil and Political Rights, and the International Covenant on Economic, Social 

and Cultural Rights. Regional human rights treaties should also be considered, including the 

European Convention on Human Rights, the American Convention on Human Rights, and the 

African Charter on Human and Peoples’ Rights, as well as domestic human rights frameworks. 

How to assure AI?

RECOMMENDATIONS

Once AI attributes are defined, the next step is determining how to assure them.

This requires matching each attribute with appropriate assurance tools and techniques, while accounting for 

local needs and capacity.

Key AI assurance tools and techniques include:

•	 Evaluation methods, which can be:

•	 Substantive, focusing on technical AI components  

(at the model or system level), the human-AI 

interaction, or the systemic impacts of AI.

•	 Procedural, focusing on organizational practices.

•	 Other assurance activities, such as:

•	 Audits

•	 Certification

•	 Accreditation

Tool selection should reflect both local context and the specific use case.

Where substantive evaluations are difficult, countries may prioritize organizational practices and 

professional expertise as baseline safeguards.

Governments can conduct assurance themselves, but should also enable, support, and oversee independent 

assurance by external actors.
 

Evaluation methods 
AI assurance normally involves conducting or verifying AI evaluations through a range of 

methods. While it is beyond the scope of this brief to provide a comprehensive classification 

of AI evaluation methods,77 it might be useful for policymakers to know that evaluations can, 

as a general matter, be substantive (focusing on AI components or impacts) or procedural 

(focusing on organizational processes). These methods are complementary and should, as 

far as possible, be conducted in tandem. 

https://www.ohchr.org/en/what-are-human-rights/international-bill-human-rights
https://www.ohchr.org/en/what-are-human-rights/international-bill-human-rights
https://www.un.org/en/about-us/universal-declaration-of-human-rights
https://www.ohchr.org/en/instruments-mechanisms/instruments/international-covenant-civil-and-political-rights
https://www.ohchr.org/en/instruments-mechanisms/instruments/international-covenant-civil-and-political-rights
https://www.ohchr.org/en/instruments-mechanisms/instruments/international-covenant-economic-social-and-cultural-rights
https://www.ohchr.org/en/instruments-mechanisms/instruments/international-covenant-economic-social-and-cultural-rights
https://www.echr.coe.int/documents/d/echr/convention_ENG
https://www.oas.org/dil/treaties_b-32_american_convention_on_human_rights.pdf
https://au.int/en/treaties/african-charter-human-and-peoples-rights
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Substantive evaluations can be done at three different layers: 

1.	 Technical AI components

2.	 The human-AI interaction

3.	 The systemic impacts of AI in society

Prominent methods for testing technical AI components include red teaming (examined 

above), human annotation, and benchmarking. Human annotation is often used to assess 

model or system capabilities or accuracy by providing 

ground truth for several risks or harms.78 Benchmarking 

aims to assess system performance against a predefined 

task, such as by judging model or system responses to 

questions against ground truths.79

PARTICIPATORY APPROACHES

As noted earlier, benchmarking in the Global South 

is constrained by the fact that most datasets, frame-

works, and metrics are designed in English and shaped 

by Western contexts. While open benchmarks offer a 

useful starting point, they often require significant adap-

tation to local languages and realities — and in some 

cases, entirely new datasets or frameworks to capture 

context-specific risks or manifestations of harm.

These adaptations demand substantial human 

involvement, whether to modify or create datasets, or 

to validate LLM-generated and translated materials for 

accuracy and relevance. Participatory approaches that 

engage affected communities and local domain experts 

are critical to ensuring contextual relevance. Similarly, 

when LLMs or rules-based systems are used for eval-

uation, human oversight remains essential to verify 

consistency and contextual accuracy.

EXAMPLES: PARTICIPATORY APPROACHES

Indian civil society organization Tattle Civic Tech used 
existing AI safety frameworks developed by MLCommons 
(the AI Safety Benchmark v0.5 and the AILuminate 
Benchmark) to build bespoke datasets on hate speech 
and sex-related crimes for Hindi speakers in India.80 
Using a participatory approach, Tattle convened native 
Hindi speakers — including social workers, journalists, 
researchers, and affected community members — to adapt 
existing prompt templates and create new ones from 
scratch. The process produced over 1,001 contextually 
grounded prompts, all reviewed and translated by humans, 
while also surfacing the frameworks’ limitations in the 
Indian context and informing recommendations for 
improvement.

Similarly, civil society organization WITNESS has developed 
a sociotechnical benchmarking framework to evaluate AI 
detection tools across six core criteria: 

1.	 Adaptability
2.	 Transparency and explainability
3.	 Accessibility
4.	 Fairness
5.	 Durability
6.	 Integration with the broader verification ecosystem

Developed with input from fact-checkers, journalists, and 
human rights defenders on the ground, the framework 
aims to close a persistent “AI detection gap” between 
technical performance and real-world usefulness — 
especially in the Global South, where resource constraints, 
underrepresentation, linguistic and cultural diversity, 
and context-specific manipulation exacerbate existing 
challenges.81

OPEN-SOURCE TOOLS

Because statistically meaningful benchmarking 

demands large-scale datasets, some task automation 

is unavoidable — typically through rules-based systems 

that feed prompts to the model under evaluation. This 

requires basic software engineering skills and can be 

extremely time-consuming to craft from scratch.82 While 

automation cannot replace human assurers, open-

source tools can significantly streamline this process.

EXAMPLES: OPEN SOURCE TOOLS

The OECD has assembled a comprehensive catalog of tools 
and metrics for trustworthy AI, including open-source 
testing datasets, evaluation metrics, and methods that are 
freely available and adaptable to the needs of developing 
countries. The catalog enables public and private 
institutions to quickly kick-start AI assurance efforts while 
tailoring them to local contexts.

There are also several open-source coding frameworks and 
off-the-shelf evaluation suites that can automate different 
steps in the technical evaluation process, including 
Hugging Face’s Evaluator, the UK AI Security Institute’s 
Inspect, Singapore’s AI Verify Foundation’s Project 
Moonshot, and Anthropic’s Petri.

https://tattle.co.in/
https://mlcommons.org/
https://mlcommons.org/2024/04/mlc-aisafety-v0-5-poc/
https://mlcommons.org/ailuminate/
https://mlcommons.org/ailuminate/
https://www.witness.org/
https://www.witness.org/ai-detection-global-benchmark-witness-2/
https://oecd.ai/en/catalogue/overview.
https://huggingface.co/docs/evaluate/en/base_evaluator?
https://inspect.aisi.org.uk/
https://aiverifyfoundation.sg/project-moonshot/
https://aiverifyfoundation.sg/project-moonshot/
https://www.anthropic.com/research/petri-open-source-auditing
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MODEL- AND SYSTEM-LEVEL EVALUATIONS

Technical AI evaluations can target either models or systems. Model-level evaluations offer 

a baseline of confidence and remain the most common approach, but they overlook risks 

introduced through model fine-tuning and system components such as system prompts, 

input or output filters, interfaces, and authentication. System-level evaluations are therefore 

essential, particularly in developing countries, where applications are often built on open 

models developed elsewhere.

EVALUATIONS OF THE HUMAN-AI INTERACTION AND SYSTEMIC IMPACTS

At the human-AI interaction layer, evaluation focuses on the actual impact of AI on indi-

viduals and encompasses both qualitative and quantitative methods drawn from the social 

sciences. These include behavioral experiments (such as directed psychology), user research 

(including surveys, interviews, and focus groups), monitoring of human use, ethnography, 

and diary studies.83

Similarly, the systemic impact layer can be evaluated through quantitative and qualitative 

social science methods, including impact assessments, legal analysis, forecasts, and 

simulations.84

PROCEDURAL EVALUATIONS

Procedural evaluations focus on whether organizations have taken specific steps or followed 

certain organizational processes. Prominent among them are conformity assessments, 

which evaluate whether organizations conform to legal obligations, policy guidelines, or 

standards. ISO/IEC 42001, for example, is a management system standard that sets out orga-

nizational policies and procedures for the governance of AI risks and procedures.85 As ISO/IEC 

42001 gains traction and adoption worldwide, it offers policymakers a ready-made reference 

point for designing domestic conformity assessment regimes. Comparable mechanisms 

include the conformity assessments mandated under Article 43 of the EU AI Act, as well as 

audits and certifications based on NIST’s AI Risk Management Framework.86

OTHER ASSURANCE ACTIVITIES

Audits, certification, and accreditation are not evaluation methods themselves but 

processes that strengthen the credibility of evaluations.87 An AI or algorithmic audit rigor-

ously examines a model or system, or the policies and processes governing it, either to 

validate internal evaluations or to assess AI attributes anew.88 Certification attests that an 

AI product or assurance professional meets defined requirements,89 while accreditation 

evaluates an organization’s competence to conduct assurance, typically through national 

accreditation bodies.90

Together, these mechanisms are essential for building trust in assurance outcomes and in 

assurers themselves. Policymakers should consider when to require or recommend audits 

and certification, while ensuring that national accreditation bodies have the capacity to 

accredit assurance organizations domestically.

https://www.iso.org/standard/42001
https://eur-lex.europa.eu/legal-content/EN/TXT/?uri=CELEX%3A32024R1689
https://www.nist.gov/itl/ai-risk-management-framework
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USE CASE-SPECIFIC CONSIDERATIONS 

Assurance tools and techniques might vary depending 

on the specific use case for which the model or system is 

developed and deployed. For example, while bias audits 

in the context of loans might focus on maximizing true 

positives, those carried out in the health care sector 

might seek to minimize the number of false negatives.

Given the wide variety of AI use cases across developed 

and developing countries, some assurance profes-

sionals interviewed opined that international standards 

for AI assurance should prioritize professional expertise 

and transparency in the assurance process, rather than 

specific evaluation methods, thresholds, or results.

WHO SHOULD CARRY OUT AI ASSURANCE

Policymakers also need to consider who should carry out AI assurance. Governments, by 

virtue of their independence, can play a vital role in evaluating or auditing certain systems — 

for example, through AI safety institutes. Yet many public agencies, particularly in the Global 

South, lack the resources and expertise to centralize these functions, which makes private 

assurance essential. Because credibility hinges on independence, governments should put 

in place the necessary infrastructure to support and oversee external assurers, including 

private assurance firms, civil society organizations, and academic institutions.92

EXAMPLES: USE CASE-SPECIFIC CONSIDERATIONS

In 2025, Singapore’s Infocomm Media Development 
Authority (IMDA) and the AI Verify Foundation launched the 
AI Assurance Pilot to help crystallize emerging norms for 
technical testing of generative AI systems. The initiative 
paired 17 AI deployers across 10 industries with 16 leading 
testing specialists from 9 locations, including Singapore 
and other ASEAN member states. The pilot underscored 
the value of system-level evaluations and their deep 
dependence on the context of the specific use case at hand. 
For instance, acceptable error rates differ sharply between 
clinical applications and customer service chatbots.

One participant, Asenion (formerly Fairly AI), an AI 
assurance provider based in Canada and Sweden, 
partnered with Mind Interview, a Taiwanese human 
resources AI tech company with customers in ASEAN 
countries. The collaboration offered a real-world exercise in 
how international, Global North–centric testing standards 
can be adapted to ASEAN-specific requirements in the 
human resources context.91

https://assurance.aiverifyfoundation.sg/
https://asenion.ai/
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Building the capacity to assure 

RECOMMENDATIONS

Closing AI assurance capacity gaps between developed and developing economies requires targeted 

capacity-building efforts. 

Key priorities include:

•	 AI literacy for policymakers and the public

•	 AI infrastructure, especially compute (local or cloud-based), reliable connectivity, and testing datasets

•	 Skills development through higher education and professional training

Funding and in-kind support from foreign governments and private actors — especially investors and 

developers — are critical.

The UN Global Fund for AI can play a central role in facilitating access to these resources.
 

AI literacy
A robust AI assurance ecosystem depends on broad AI 

literacy among both policymakers and the public. This 

includes a foundational understanding of AI governance 

and ethics, as well as core technical concepts such as 

machine learning and large language models.

Infrastructure
Effective technical evaluations require access to baseline 

computing infrastructure, either on-site or via the cloud. 

Evaluating medium to large models using standard 

frameworks such as MLCommons’ MLPerf typically 

requires at least 4–8 GPUs (40–80 GB VRAM each) and 

2–4 CPUs.93 Assessing very large models may demand 

dozens of state-of-the-art GPUs (for example, NVIDIA 

H100 or A100) and hundreds of CPUs, along with terabytes 

of storage, reliable connectivity, and adequate cooling.

Decisions about whether to host this infrastructure 

locally or rely on cloud services hinge on how much sover-

eignty a country seeks over its AI assurance ecosystem 

— and, conversely, how dependent it is willing to be on foreign providers. Data protection laws 

further shape these choices by determining when personal data can be processed remotely 

versus locally. But such laws should enable, not hinder, AI assurance. Policymakers must 

balance privacy and data protection with the need to evaluate AI quality, safety, and security, 

using tools such as encryption, differential privacy, anonymization, and synthetic data to 

manage trade-offs cost-effectively.94

EXAMPLE: AI LITERACY

AI Safety Asia (AISA) is a leading organization committed to 
closing the AI literacy gap among policymakers and those 
who influence policy in Southeast Asia. With the support 
of relevant government agencies and ministries, AISA 
offers comprehensive training and a knowledge support 
infrastructure for AI safety and governance to government 
officials responsible for shaping national AI policies. 

In its engagements with Indonesian officials, for 
example, the program comprised two complementary 
training tracks tailored to different levels of government 
leadership. The first track offered a two-day intensive 
for directorate-level officials, focusing on a high-level AI 
safety and governance framework, including comparative 
regulatory approaches. The second track entailed a 
four-day deep-dive training for senior management-level 
officials who implement AI policy at an operational level. 
This advanced program equipped participants with 
practical tools to develop comprehensive, risk-aware 
policy frameworks for AI deployment across Indonesia’s 
public sector. Sessions addressed frontier AI risks, 
including emerging challenges from increasingly capable 
systems, while emphasizing mechanisms to prevent the 
amplification of societal harms such as algorithmic bias, 
discrimination, and inequitable access. These initiatives 
demonstrated that meaningful public-civic partnerships 
are essential to understand, govern, and benefit from 
these technologies.

https://mlcommons.org/benchmarks/training/
https://www.aisafety.asia/
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High-quality, context-specific testing datasets are equally essential. Both general and 

use-case-specific datasets are necessary for technical AI evaluations. In particular, datasets 

in domains such as agriculture, health, or education are crucial to assess whether models or 

systems can advance the UN Sustainable Development Goals.95 Developing these datasets 

requires national data strategies that promote cross-border data flows, open data, and 

interoperability. Investments in digital public infrastructure are also valuable, since public 

digital services generate the contextual data needed to train and evaluate AI systems.96

Skills
Robust AI assurance also depends on a diverse skills 

base. Technical evaluations require expertise in machine 

learning, software engineering, and data protection, 

while assessments of the human–AI interaction and 

systemic impacts rely on ethics and the social sciences, 

including anthropology, economics, and law.

Building this workforce demands sustained investment 

in higher education and professional training. Where public funding is limited and incomes 

are low, accessible online education can play a critical role. Massive Open Online Courses 

(MOOCs), in particular, offer a cost-effective way to expand skills and have already enabled 

many individuals across the Global South to pursue highly skilled career pathways.97

EXAMPLE: SKILLS

In 2024, FAIR Forward, a program of the German 
Development Cooperation (GIZ), Eticas, and AI inclusion 
experts from sub-Saharan Africa and the Asia-Pacific 
region, launched the “Responsible AI Assessments,” a 
method that AI assessors, developers, and deployers can 
use to conduct holistic AI risk and ethics assessments 
throughout the AI lifecycle. Piloted in six country-contexts 
across the two regions, the approach provides a flexible, 
transferable template for building critical AI assurance 
skills in diverse settings.98 

Funding
Access to external sources of funding is critical for developing countries — particularly least 

developed countries — that are looking to build a national AI assurance ecosystem while 

facing significant funding constraints. Potential sources include private or institutional 

investors (such as hedge funds and the International Monetary Fund), corporations, multi-

lateral development banks (including the World Bank, the European Development Bank, and 

the Asian Development Bank), development agencies, and philanthropies.99

Support could come in the form of loans, grants, or in-kind contributions.100 For example, 

Google invested USD 1 billion to help develop Africa’s digital economy over five years. The 

funding was used, among other things, for training and certification initiatives at the Google 

Hustle Academy and the AI Research Centers in Ghana and Nairobi.101

The UN is also launching a Global Fund for AI, following recommendations from its High-Level 

Advisory Body on Artificial Intelligence.102 The Fund seeks to ensure all countries achieve 

a minimum baseline of AI capacity — across skills, compute, data, and models — while 

supporting national AI strategies and international engagement on AI governance. Designed 

as an equitable pooled financing mechanism, the Fund will be most effective if AI assurance 

is embedded as a core pillar of long-term AI maturity.

https://www.bmz-digital.global/en/overview-of-initiatives/fair-forward/
https://www.eticas.ai/
https://www.bmz-digital.global/en/news/ethical-crash-test-for-ai-how-to-navigate-the-road-to-responsible-innovation/
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Setting criteria for AI assurance

RECOMMENDATIONS

To ensure the quality and consistency of AI assurance activities, developing countries should set national 

criteria for AI assurance activities.

To do so, policymakers can set rules, norms, or standards at the national, subnational, supranational, or 

international levels.

These should balance technical rigor and specificity with flexibility to accommodate new technological 

developments and distinct local contexts. 

 

Rules
“Rules” denote binding legal instruments, including 

laws passed by a jurisdiction’s legislature and regu-

lations adopted by its executive branch to implement 

laws. Rules can be adopted at the national, subnational, 

supranational, and international levels. While they can 

be significant drivers of AI assurance in developed 

and developing countries, the legislative or regulatory 

processes can be time-consuming and therefore lag 

technological developments in AI. 

EXAMPLES: RULES

The EU AI Act illustrates how supranational legislation 
can embed detailed AI assurance requirements across 
the value chain, specifying what developers, deployers, 
and other actors must assure, how assurance should be 
conducted, and who is qualified to perform it, depending 
on the system’s risk profile.103 Brazil’s proposed AI Bill 
(PL 2338/2023) takes a similar approach, mandating risk 
and impact assessments for different categories of AI 
systems and empowering AI and sectoral regulators to 
accredit professional assurers and promote best practices 
in AI certification.104

Norms
“Norms” refer to non-binding best practices that are adopted or endorsed in public policy, 

usually by the executive branch or by international institutions. Examples include national AI 

strategies, AI governance guidelines, and AI ethics recommendations. Many countries around 

the world, including some developing nations, have published documents outlining AI gover-

nance norms.105 Norms are typically faster to adopt or amend than legislation because they 

need not go through the legislative process. Because they are non-binding and are often 

issued at high levels, however, they rely on voluntary compliance and require more specific 

steps for implementation.  

Standards
Standards set expectations for AI components, evaluation methods, and assurance profes-

sionals, and are developed through consensus-based processes led by national, regional, 

or international bodies such as ITU, ISO, and IEC. While typically voluntary, they can become 

binding when incorporated into regulation. For developing countries, international AI stan-

dards — like those from ISO/IEC — offer a useful starting point but often require adaptation 

to local languages, cultural norms, policy priorities, and legal frameworks to be effective in 

domestic or regional contexts.

https://eur-lex.europa.eu/legal-content/EN/TXT/?uri=CELEX%3A32024R1689
https://www.camara.leg.br/proposicoesWeb/prop_mostrarintegra?codteor=2868197&filename=PL%202338/2023
https://www.iso.org/sectors/it-technologies/ai
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International cooperation

RECOMMENDATIONS

Developing countries can benefit from different forms of international cooperation, including North-

South, South-South, or triangular cooperation, through regional, bilateral, or multilateral groupings within 

or outside established forums, such as the UN, G20, and the OECD.

Multilateral cooperation through the UN can be more representative and inclusive, and therefore more 

legitimate for developing countries.

All nations — developed and developing — should consider building a Global Multistakeholder AI 

Assurance Network, given the mutual benefits of exchanging knowledge and experiences on AI assurance 

among various actors.
 

North-South cooperation 
North-South cooperation can play a decisive role in closing 

the capacity gaps identified earlier. Developed countries 

can support developing ones through funding or in-kind 

contributions. These include seconding experts to train 

local professionals, sharing assurance tools and method-

ologies, and providing access to cloud computing.

South-South cooperation 
South-South cooperation can be mutually beneficial for 

developing countries, including those with similar or 

varied levels of economic development and AI maturity.106 

Participating nations can share knowledge, experience, 

and resources to jointly strengthen their AI assurance 

capacity. They can also agree on shared assurance goals 

and strategies to be pursued in multilateral cooperation 

forums, including international organizations such as 

the UN and ISO, which can, in turn, increase their political 

and economic leverage. It is also possible to envisage 

developing countries cooperating to pool resources 

needed to carry out assurance activities, particularly 

datasets and compute.107

EXAMPLE: NORTH-SOUTH COOPERATION

In 2025, the AI safety institutes and other agencies from 
Singapore, Japan, Australia, Canada, the European Union, 
France, Kenya, South Korea, and the UK conducted a 
multilingual joint testing exercise. The exercise involved 
benchmarking for five harm categories (privacy breaches, 
non-violent crime, violent crime, intellectual property, and 
robustness to jailbreaking) across 10 languages, including 
six primarily spoken in the Global South (Cantonese, 
English, Farsi, French, Japanese, Korean, Kiswahili, Malay, 
Mandarin, and Telugu). Participants concluded that 
model safeguards lag in languages other than English 
and that automated translations of training datasets are 
insufficient.

EXAMPLE: SOUTH-SOUTH COOPERATION

A potential forum for South-South cooperation in AI 
assurance is the UN Industrial Development Organization 
(UNIDO), in particular the South-South and Triangular 
Industrial Cooperation Mechanism and the Global 
Community on AI for Industry and Manufacturing.

EXAMPLE: REGIONAL COOPERATION

Southeast Asia has pioneered several regional cooperation 
initiatives in the field of AI assurance. In particular, ASEAN 
member states have agreed on a regional Guide on AI 
Governance and Ethics. The Guide includes a general 
recommendation for AI deployers to conduct rigorous AI 
testing; internal governance best practices for various 
organizations deploying AI; and a regional AI Risk Impact 
Assessment template. 

The Singaporean government has also championed 
several regional AI assurance initiatives. This includes the 
Singapore AI Safety Red Teaming Challenge (the world’s 
first multicultural and multilingual red teaming challenge 
that focused on the Asia-Pacific region)108 and SEA-HELM 
(SouthEast Asian Holistic Evaluation of Language Models), 
a multilingual and multicultural evaluation benchmark 
developed by AI Singapore that covers multiple Southeast 
Asian languages.109

Regional cooperation 
Regional cooperation is a particularly promising avenue 

for cooperation on AI assurance, given geographical 

proximity and shared cultural and social values across 

borders. 

https://www.peren.gouv.fr/rapports/2025-June_Improving-Methodologies-for-LLM-Evaluations-Across-Global-Languages-Evaluation-Report-1.pdf
https://www.unido.org/sub-sites/south-south-and-triangular-industrial-cooperation/south-south-cooperation-sstic-unido
https://www.unido.org/sub-sites/south-south-and-triangular-industrial-cooperation/south-south-cooperation-sstic-unido
https://aim.unido.org/
https://aim.unido.org/
https://asean.org/wp-content/uploads/2024/02/ASEAN-Guide-on-AI-Governance-and-Ethics_beautified_201223_v2.pdf
https://asean.org/wp-content/uploads/2024/02/ASEAN-Guide-on-AI-Governance-and-Ethics_beautified_201223_v2.pdf
https://www.imda.gov.sg/resources/blog/blog-articles/2025/01/red-teaming-challenge
https://docs.sea-lion.ai/benchmarks/sea-helm
https://aisingapore.org/
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Multilateral cooperation 
International cooperation on AI assurance can also be 

multilateral, involving non-regional partners. This type 

of cooperation could focus on overcoming key collective 

coordination challenges, such as balancing collective 

responsibility with accountability of major AI players and 

ensuring that AI safety does not unduly constrain AI’s 

potential for sustainable development.110

For many developing countries, the UN remains the most 

legitimate forum for multilateral AI governance.111 Its 

universal membership makes it more inclusive and representative than smaller state coali-

tions. The UN has recently established two dedicated AI mechanisms — the Independent 

International Scientific Panel on AI and the Global Dialogue on AI Governance 112— which 

should address core AI assurance priorities for the Global South, including infrastructure 

development and AI evaluation science.

Within the UN, additional bodies have been actively facilitating international cooperation in 

such areas of key strategic relevance to AI assurance as evaluations and compute. Notably, 

the Office for Digital and Emerging Technologies has been leading the implementation of the 

aforementioned Global Fund for the UN. In addition, UNDP supports developing countries in 

the establishment of national AI strategies and other AI governance initiatives. UNDP’s Trust 

and Safety Re-imagination program, for example, supports projects that aim to democratize 

AI assurance to different demographics in the Global South.

EXAMPLE: MULTILATERAL COOPERATION

United by similar development agendas, the 11 BRICS 
member states — Brazil, Russia, India, China, South Africa, 
Saudi Arabia, Egypt, United Arab Emirates, Ethiopia, 
Indonesia, and Iran — have met several times to discuss 
questions of global AI governance. Their first official 
statement on the topic was issued in 2025, stressing that, 
to reap the benefits of AI, global AI governance “should 
mitigate potential risks and address the needs of all 
countries, especially those of the Global South.”113 The 2025 
BRICS statement also noted that international cooperation 
is key to building the AI capacity of developing countries, 
including in risk management, and highlighted the 
importance of independent audits.114

Multistakeholder collaboration 
Global multistakeholder collaboration can also help 

fill AI assurance gaps in the Global South. They can 

foster knowledge exchanges and collaborations among 

assurance practitioners, developers, deployers, policy-

makers, and affected communities in the Global North and South. Existing initiatives, such as 

the International Network of AI Safety Institutes and the AI Evaluator Forum, remain limited by 

a lack of participation and perspectives from the Global South. This is why all nations should 

consider establishing a Global Multistakeholder AI Assurance Network in partnership with AI 

developers, deployers, and assurance practitioners. 

EXAMPLE: MULTISTAKEHOLDER COLLABORATION

Aya is a global, open-source initiative launched by Cohere 
Labs that brings together independent researchers in 119 
countries to build not only multilingual models but also a 
generative AI evaluation suite that supports 101 languages. 

https://www.un.org/digital-emerging-technologies/
https://www.undp.org/
https://www.undp.org/digital/ai-trust-and-safety
https://www.undp.org/digital/ai-trust-and-safety
http://brics.br/en/about-the-brics
http://brics.br/en/about-the-brics
https://ised-isde.canada.ca/site/ised/en/international-network-ai-safety-institutes-mission-statement
https://aievaluatorforum.org/
https://cohere.com/research/aya?ref=cohere-ai.ghost.io
https://cohere.com/
https://cohere.com/
https://huggingface.co/datasets/CohereLabs/aya_evaluation_suite
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PART 4

Conclusion
In 2018, Joy Buolamwini and Timnit Gebru flagged that AI facial recognition technologies 

did not work well for persons of color, particularly women.115 Fast-forward to 2025, and there 

have been many efforts to make AI more inclusive and transparent, including in the age of 

generative AI. However, AI assurance still does not work well for individuals and societies in 

the Global South. Building an AI assurance ecosystem at the national level is no easy task. 

Developed countries themselves have been grappling with how to build and piece together 

the various components of a robust assurance ecosystem, from setting AI standards to 

driving up demand and professionalizing the field. But developing economies face acute 

challenges that, if not addressed, can widen global AI divides.

The vast cultural, economic, and political diversity across and within the Global South is itself 

a significant challenge. As a sociotechnical phenomenon, AI cannot be assured in isolation 

from the distinct languages, cultural norms, economic conditions, and legal and political 

frameworks found in different countries and regions. This means that many AI assurance 

tools and techniques developed by stakeholders in the Global North need to be adapted or 

reimagined altogether to fit the diverse realities of the Global South. Developing countries 

also face significant capacity gaps, particularly in infrastructure and skills, as well as legal 

and political hurdles to conducting AI assurance locally.

Still, these challenges are not insurmountable. While there is no silver bullet, different stake-

holders can work together to develop robust AI assurance ecosystems across the Global 

South. This brief seeks to lay the groundwork for this by offering recommendations struc-

tured around five overarching strategies to support developing countries in their efforts to 

promote or carry out national AI assurance activities. These strategies — which are neither 

prescriptive nor exhaustive — comprise the following:

While these are primarily addressed to policymakers in developing nations, they also call for 

support from assurance practitioners, AI developers and deployers, and developed countries. 

AI assurance 
still does not 
work well for 
individuals 
and societies 
in the Global 
South.

1

• Condust national AI 
risk assessment

• Prepare national 
taxonomy of AI 
attributes

• Consider risks of 
open-weight models

• Ground in human 
rights instruments

• Consider evaluation 
methods

• Consider other AI 
assurance activities

• Consider variation 
across use cases

• AI literacy for 
policymakers & 
public

• Acquire necessary 
infrastructure

• Develop skills of 
assurers

• Secure funding from 
different sources

• Rules

• Norms

• Technical standards

• North-South, 
South-South, 
triangular cooperation

• Bilateral, regional, 
multilateral 
cooperation

• Global 
multistakeholder 
cooperation

Select what 
to assure for

Understand how 
to assure AI

Build capacity 
to assure

Set parameters 
for AI assurance

Cooperate 
internationally

2 3 4 5

Figure 3: Overview of strategies and recommendations
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Key Points
Five takeaways have emerged from this work. Future work should focus on unpacking them:

1 Sociotechnical approaches to AI evaluations are crucial for AI assurance to be mean-

ingful in developing countries.

2 There is a universal baseline of AI assurance tools and techniques (such as red teaming, 

benchmarking, auditing, certifications, and accreditation) that can and should be 

grounded in internationally recognized human rights and international standards to 

ensure rigor and consistency.

3 However, this universal baseline might require a series of contextual adaptations. In 

some cases, new tools and techniques — in particular, evaluation methods and metrics 

— may need to be designed to meet the unique needs, contexts, and aspirations of 

developing countries. This requires a delicate balance between emergent international 

standards and local approaches, as well as flexibility to accommodate less conven-

tional local approaches. 

4 When resources are scarce, assurance of such critical AI use cases as health care, 

education, energy, finance, and national security, alongside low-hanging fruit such as 

organizational assurance, should be prioritized. 

5 To bridge the global AI assurance divide, we cannot just bridge the divides between 

developed and developing countries; it is also crucial to reconcile internal gaps that 

exist in many developing countries, including political and socioeconomic inequality, as 

well as those that separate what governments and people expect from AI.116 

We have a long way to go before developing countries can be confident in their ability to carry 

out, or support, AI assurance activities that work for them. This, however, is an effort that the 

international community should embrace now. In the absence of trust, AI cannot deliver on 

its promise to benefit all. 
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